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1. Introduction

The embedded tagging systems commonly referred to as Large Lan-
guage Models (LLMs) emerged around 2017 built on transformer 
models, meaning neural networks learning context or pattern recog-
nition to understand predictive models of sequential data.  AI models 
retrenched on using tagging systems for predictive textual taxonomic 
systems, but this is not as feasible for AI visual imaging systems. Data 
anonymized for privacy deletes many taxonomy focal points adding 
unnecessary noise to results. Large data models can be manipulated 
into reproducing parts of training data that were previously deleted 
(Vaswani et al. 2017).  According to OpenAI, it is difficult if not impos-
sible to prevent an opensource model for being used to cause inad-
vertent harm, as many input classifiers amplify bias This problem of 
unsafe or distorted content output is one of the thorniest problems in 
visual AI and one all major companies are scrambling to implement 
solutions for, with varying degrees of success (Roose 2023).
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In 2021 Open AI introduced CLIP and VQGAN, neural network ar-
chitectures for still and moving text-to-image models (Crowson 
2021). Questions arose about how these algorithmic images were 
sourced, rendered and generated. Language Is Leaving Me – An 
AI Cinematic Opera Of The Skin (LILM) used a multimodal format, 
meaning “a ML (machine learning) model that is capable of pro-
cessing information from different modalities, including images, 
videos, and text” (Google 2024). It examined the creation of im-
ages through the lens of epigenetic or inherited traumatic memo-
ries of cultures of diaspora and revealed a dystopic side in Stable 
Diffusion’s prompt engineering and image-to-image capabilities, 
one of structural flaws and crucial biases.  This paper examines 
AI’s dystopic “digital twin” or unconsciousness that carries within 
itself what in Yiddish folklore is known as the “Dybbuk”, a wan-
dering spirit of a dead person possessing the soul of a living per-
son, and in the AI, world is called the “Loab”.  It investigates the 
relationship between algorithmic rendering, latent space, epige-
netic memory, selective inattention, and machine human cogni-
tion exploring new pathways.

https://doi.org/10.34626/2025_xcoax_003
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Epigenetics is understood to mean chromosome modifications that 
are not part of DNA structures, and more specifically its rDNA (Fels-
enfeld 2014). It is not definitively proven that human psychological 
trauma can change chromosomal rDNA, much less human behav-
ior. However, many psychologists understand trauma can be passed 
through generations and manifest in various ways (Hubl 2020). In-
tergenerational trauma is often non-verbal, cryptic, and difficult to 
decipher (Rosner 2017).  I questioned if AI could comprehend my 
epigenetic trauma as an agnostic, third generation ethnic Jew from 
the Pale of Settlement in Eastern Europe, much less the epigenetic 
traumas of other cultures of diaspora. Examining emerging artificial 
intelligence synthetic image rendering and nascent cinema driven by 
Large Language Models (LLMs) within the context of epigenetic trau-
ma, it took three years to develop “Language Is Leaving Me – An AI 
Cinematic Opera Of the Skin.” (LILM). LILM was a performed cinemat-
ic installation partially powered by EMG human biometric measure-
ments. A volunteer audience member had EMG patches placed on her 
face to monitor either a smile (positive) or frown (negative) response 
while watching the movie. Her reactions controlled the sonic environ-
ment for the entire audience.

I translated the movie’s English language narration into Yiddish, Chi-
nese, Tamil, and Xhosa cursive scripts processing them through both 
verbal (text prompt engineering) and visual (image-to-image) AI. The 
resulting multimodal movie revealed latent Dybbuks, hidden and 
devastating aspects of the algorithmic processes underlying trans-
cultural LLMs.  Algorithmic processing erased memory and distorted 
personal signified visual and verbal referents. 

I did this to recreate and trace my usually unconscious memories 
stored inside my brain. I now want these images to be eventually fed 
back into even higher level AI systems and interacted with in real time 
by a performer. Translating my English language memories into four 
languages, I will fragment and decoupled their linguistic and visual 
semiotic significance concerning unexpressed trauma. The reason 
is AI purports to understand through linguistic and visual sampling 
the meaning of trauma, and other deep and formative human emo-
tions, but in truth is incapable. The enhanced performance, currently 
a work in process, represents surrendering individual and collective 
memory to the unfolding age of AI.
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2. Process and Journey – Discoveries and Challenges

In early 2021 into 2022 AI imagery consisted of CLIP (Contrastive 
Language-Image Pre-training) and VQGAN (Vector Quantized Gen-
erative Adversarial Network). Its images produced odd and phan-
tasmagorical results. CLIP arose from investigations into zero-shot 
learning, natural language supervision, and multimodal learning. 
Zero shot learning means an AI model can understand and catego-
rize objects and concepts without ever haven seen examples of those 
concept before. Natural language supervision analyzes speech and 
text in both grammatical correct and grammatically incorrect varia-
tions, and multimodal learning explores ideas through visual, sonic, 
perceived, written haptic and movement modalities. 

VQGAN arose from previous text-to-image transfer models like Attn-
GAN (Attention GAN) and others (Xu et al. 2018, Radford et al. 2021, 
NerdyRodent 2021). CLIP decides which tagged captions VQGAN 
aligns best with so it can be assigned to a specific image generation. 
The CLIP model includes its own separate transformer architecture 
but does not generate anything itself. It deals with zero-shot learning 
datasets. This means a model can observe samples from information 
classes that were not included in the original training model (Laro-
chelle et al. 2008). CLIP is open source, whereas other robust visual 
classification models like DALL-E, a diffusion model that used a dif-
ferent set of transformers and also developed by OpenAI were initial-
ly not opensource (Ramesh et al. 2022). Katherine Crowson refers to 
CLIP as the “Perceptor” or selector and VQGAN as the “Generator” 
meaning the generator of images. There are not smart discriminators 
for filtering information outside of common contemporary data har-
vesting techniques, another issue that contributes to skewered re-
sults. Though there has been rapid development of these techniques  
since 2021, many of the foundational problems still plague the field, 
which is why older models are referenced.

In 2021 I used the commercially available platform on the web, Night Café 
but dissatisfied with the results switched to the python language based 
solution, Google Colab. Since I am not a python programmer, I worked 
with volunteer software developers to use the early release Google Co-
lab notebook  “VQGAN+CLIP (with pooling).ipynb”. I chose the English 
language prompt engineering word “queer” because during the late 19th 
century and early 20th century the British English vernacular meaning re-
ferred to someone who was odd or eccentric, such as the phrase “that’s 
a queer fellow”.  In recent decades the meaning of the word queer has 
shifted in the global parlance to a more gendered and sexualized meaning.
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The Google Colab image datasets used Faceshq_5; ImageNet_10245; 
ImageNet_16394; OpenImages_8192_5; WikiArt_1024; and Wik-
iArt_16384. All six visual datasets returned strikingly similar rep-
resentations for the word queer. I did not understand why, since they 
had access to millions and millions of images through the six chosen 
data model sets. I used a fixed seed value of 42 for all the images. A 
seed value brings together a unique algorithmic mix of pixels, colors 
and shapes. Theoretically there are millions of seed values, though 
working with a fixed value allows images rendered across datasets to 
be more easily compared and standardized. Perhaps that is why the 
images resembled each other so much, but I thought that was too 
simple an explanation.

I added one other word to the text prompt, both “boy” and “girl” to 
see if anything changed. Again, the images were strikingly similar.  I 
began testing the term using other scripted or character based lan-
guages that were not English. One of the programmers was Chinese 
and well versed in Chinese slang or colloquial vernacular terms.  
Google Translate was deployed for the strict Chinese translation of 

“queer boy” and “queer girl” and the Chinese native speaker input the 
slang variations that Google Translate would not know. We used the 
ImageNet 16384 image bank and the fixed seed value of 42. The re-
sults were shocking. Another programmer, this time from India spoke 
both Hindi and Tamil, so we tried the same experiment using those 
cursive scripted languages. The only difference was we used the 
COCO (Common Objects in Context)  image bank, our seventh image 
bank also with the seed number 42. The results were even more out-
landish. These image banks and their algorithms have subsequently 
been updated, reworked or had sections removed, but again the fun-
damental issues remain.

Fig. 1. Chinese language examples



187

2.1. Language Is Leaving Me

Experimenting with VQGAN, CLIP and Google Colab, though interest-
ing produced unsatisfactory results for a creative project.  Frustrated, 
in 2022 I returned to the basics producing a short video “Language 
Is Leaving Me” . The video used both original and archival copyright 
free footage to explore my epigenetic trauma as an agnostic Jew 
whose ancestors immigrated to the United States in 1906 from the 
Eastern European Pale of Settlement. Also, by 2022 huge advances 
had developed in the field of moving image AI cinema, spearheaded 
by the release of the opensource visual text-to-image model Stable 
Diffusion from Stability.ai. It used datasets from the LAION 5-B latent 
diffusion image bank (Schuhmann et al. 2022, Rombach et al. 2021). 
LAION-5B, created by the German charity LAION uses an aesthet-
ic predictor, a numeric value indicating how much someone likes an 
image. Schuhmann states “4000 samples were annotated in a scale 
from 0 to 10 to be good looking or not”. I found those definitions of the 
rating of aesthetic values by computer programmers, not artists, and 
not culturally comprehensive to be extremely problematic, especially 
after what I had discovered from my experiments using Google Colab 
with CLIP and VQGAN in Chinese, Tamil and Hindi. Simultaneously in 
2022 AUTOMATIC 1111 introduced a web based graphical user inter-
face  that allowed both text-to-image and image-to-image scenarios 
(AUTOMATIC1111 2023). This made  Stable Diffusion more accessi-
ble to artists. Running a series of tests, I worked with narrative trans-
lations of my original English language video in the cursive scripts of 
four languages: Chinese, Yiddish, Tamil, and Xhosa. I chose Yiddish 
because, it is the language of my ancestral diaspora, even though I 
neither speak nor read it. The other languages were chosen both for 
their geographic diversity and their original and fluid cursive scripts. 

The biometric implementation of the sonic environment during the 
live performance received EMG input from the facial muscles of an 

Fig. 2. Examples in Hindi and Tamil
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audience volunteer who viewed the movie alongside the audience. 
The EMG patch on their face registered a frown on their forehead 
(negative), or a smile on their cheek muscle (positive) to drive the 
sonic environment. The underlying sound was created by a sonic 
artist in Touch Designer and used a customized motherboard built in 
Shenzhen, China. The volunteer’s reaction corresponded to the gen-
eral reactions of the audience, with the sonic environment co-created 
at the time of the viewing between all participants. Though biometrics 
were important to the creation of the live performance I will not dis-
cuss LILM’s human computer biometric interaction aspect in this paper.

3. Digital Twins – The Dybbuk and Loab in The Machine

During the development of LILM strange and malevolent images 
began appearing. This may have been influenced by the discussion 
and scenes of war, genocide, and disinterred corpses in my film, but 
they were not present all of the time. The batch processing in Au-
tomatic1111 using multilingual cursive scripts and image-to-image 
prompts kept generating human faces full of horror and fear, even 
when the prompts did not request or refer to this type of imagery 
at all. The algorithmic rendering process in Stable Diffusion evoked 
completely unintended digital twins’ imagery that paralleled what in 
Yiddish folklore is the concept of the “Dybbuk” and in AI parlance 
called the “Loab”.  This discrepancy was enhanced during the sub-
sequent performance installation involving a live volunteer audience 
interaction.

3.1. The Dybbuk – Ancestral Memories

A Dybbuk is the wandering spirit of a dead person possessing the soul 
of a living person it once loved. It eventually leaves its hosts body 
through an exorcism performed by a trained Rabbi. The mystic Isaac 
Luria (1543-72) is credited with establishing the belief in dybbuks 
through his doctrine of gilgul or the transmigration of souls. The word 
come from the Hebrew word ‎ dibūq,  קוּבּיִּד  meaning ‘a case of attach-
ment’. The idea of the Dybbuk became known to the general public 
with the publication The Dybbuk, or Between Two Worlds (Yiddish Der 
Dibuk, oder Tsvishn Tsvey Veltn), based on stories collected by S. An-
sky who traveled to remote shtetls throughout the Pale of Settlement 
in Ukraine and Russia. In 1920 the book was turned into a  wildly 
popular play produced in Yiddish in  Warsaw, Poland and premiered 
on December 9, 1920 by the Vilna Troupe. The following year it was 
performed by the Hebrew language Habima theater in Moscow. In 
1936 The Dybbuk was made into a movie by Mical Waszynski and is 
considered a classic of Yiddish cinema (Nashon 2021).
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Through algorithmic rendering a digital twin or type of horrified Freud-
ian id unexpectedly and mysteriously kept manifesting between the 
frames of my multi-lingual image-to-image video processing by Sta-
ble Diffusion. How could AI possibly be manifesting wandering spir-
its, or the souls of dead people culled from the archival and original 
source material I used?  Over the three years of developing LILM, I 
deliberately avoided using the numerous commercial platforms 
available for visual AI. Instead, I painstakingly built my own work-
flows rendering experiments on servers based in Hong Kong, thereby 
avoiding many of the content restrictions pay-per-use customers of 
commercial platforms experienced. 

3.2. The Loab – Artificial Intelligence Ghosts

On September 6, 2022  Steph Mai Swanson using the handle “Super-
composite” posted on Twitter, (now X) about the freakish results she 
was getting using an unnamed AI art commercial platform (Swan-
son 2022).   Swanson was experimenting with negative prompts or 

“negative weighting” to shape an image of the actor Marlon Brando. 
Instead of her prompts rendering a look alike Brando, a horrific dis-
figured woman kept manifesting. Nonsensical characters spelling out 

“Loab” displayed alongside one of the renderings, so she called this 
phenomena “the Loab”, stating, “Loab is the last face you see before 
you fall off the edge” (Coldewey 2022). The Loab became a social 
media sensation, but no one could explain exactly how and why it 
happened. Swanson called it a “combinations of optics and software”. 
She then wrote an article about other deeply disturbing aspects of 
using AI, including how she coaxed it into creating an X rated BDSM 
(bondage, domination, sadism, masochism) relationship (Swanson 
2023). At the time I was developing my own visual AI aesthetic I was 
unaware of Swanson’s Loab, but our creative practices were uncover-
ing similar issues of this lurking unconscious digital twin that seemed 
to span across linguistic and cultural divides.

4. Latent Space Births Unconscious Diabolic 
Digital Twins

Latent space is the key to understanding some of the mysteries in 
visual computer image rendering, especially for those not knowl-
edgeable in computer science. This is because it is concealed, ab-
stract, compressed, and muti-dimensional. In its essence its purpose 
is to encompasses internal or algorithmic representations of external 
events. In theory latent space contains mathematical models of all 
possible combinations of multiple renderings in a massive data set 
and can be shaped by using specific combinations of parameters. 

Fig. 3. “They dug them up” – English archival 
footage and Chinese generated AI text-to-image 
and image-to-image

Fig. 4. “It was stories of the Jews of Azipute” – 
Tamil AI image-to-image generation and English 
language archival footage original
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However, in fact it is just numbers collecting and processing different 
sample point numbers to output noise or vectors of numbers, which 
is why it is a strange concept for artists to grasp. The vectors, or in-
tersection points are the range of possibilities for each latent variable  
and reach into the billions. All of these possible combinations take up 
a lot of storage space so in order to be used all the raw data needs 
to compressed to save space. This compressed space is coded and 
then decoded by different algorithms that calculate the differences 
and similarities between the sample points in space to render all that 
algorithmic noise into a coherent image.  It is so exact that changing 
a model by just one number or seed changes the retrieval parameters 
and thus changes the output image.  Usually similar combinations (i.e. 
types of birds, or types of cars) are mathematically lined up close 
to one another in latent space so they can be retrieved faster, but 
these parameters are prone to corruption. Algorithmic latent space 
representations fall apart even more when comparing multi-lingual 
text prompts in image-to-image batch comparisons. These compar-
isons seem to evoke a deranged digital twin appearing as the malev-
olent unconscious of the human psyche transculturally understood to 
be horrific or diabolic. It is the space where the Dybbuk or Loab is both 
concealed and emerges from. Latent space can’t morph or transition 
from frame to frame with all details smoothly integrated, it can only 
use or pull the most prominent features of an image into the next ren-
dered image. The hidden or dark side emerges because out of all of the 
billions and billions of images fed into the databanks, a percentages of 
those image are NSFW or Not Safe For Work. Like the exorcist needed 
to bring forth the Dybbuk, the NSFW images can be evoked and the  
 “soul” released. I observed this very clearly by disrupting traditional al-
gorithmic rendering formulas when I mixed cursive scripts of different 
languages into the multi-lingual text prompts alongside image-to-im-
age comparisons. The algorithms gagged, either erasing my epigenetic 
memory entirely or producing horrific ghosts. Instead of trying to de-
lete these apparitions, I incorporated them into my artistic practice. 

Those who are capable of diving the mathematical formula of how 
and where to pull images from latent space become the conjuring 
magicians of the age of AI, usually unknowingly releasing both angels 
and devils. The same process that produces the digital twins of Lo-
abs and Dybbuks also de-categorizes populations who histories are 
not digitized and taxonomized. This process is referred to as ‘erasure’ 
or “catastrophic forgetting” (Gebru and Denton 2024). The Dybbuk 
and the Loab are the deep, dark unconscious of algorithmic render-
ing processes, the imperfect and corrupted digital process of perfect, 
mathematical calculations (Katzman et al. 2023).

Fig. 5. The original Loab courtesy Steph Mai 
Swanson via Twitter
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4.1. Evocations: Latent Space and Inattention Blindness 
Foment Visual Neglect

Human visual perception registers information from 120 million rods 
and 7 million cones that flow from the optic nerve to the brain. The 
small optic nerve functions, or can be compared to a type of vector 
space compression system where the information is sent to and then 
biochemically decoded in the brain (Souza et al. 2024). This human 
compression system could loosely be compared to the visual sys-
tems own version of a latent space biological compression algorithm. 
Thinking in this way and can lead to the design of new artificial visual 
systems. However, there is a vast difference between algorithms and 
humans. Humans have presence in the real physical world and ex-
perience unpredictable moment-to-moment interactions. These in-
teractions influence how they construct and remember their world. 
Within presence and unpredictability lies selective attention, or “in-
attention blindness” a term highlighted by the invisible gorilla experi-
ment (Chabris and Simons 2011). In this experiment individuals were 
asked to pass a basketball between all members of a group. Their 
interaction playing the game was filmed. After the task was over, they 
were asked if they had noticed anything strange going on during the 
game. Approximately fifty percent of respondents said they had not 
seen anything unusual. When the film was played back to the entire 
group a person in a gorilla suit was clearly walking around in the mid-
dle of the game activity, visible for all to see. However, half of the par-
ticipants had not even noticed it. Inattention blindness means only 
selected information, according to many factors is remembered by 
each individual. We are unable to recall every second of our life, but 
given the correct stimulus, we might evoke forgotten events deeply 
stored in the brain. As an example, most people remember their first 
primary school teacher but unless asked, never think about who that 
was and what they felt about their teacher. In the same way machine 
learning algorithms incorporates latent space using high level pattern 
recognition calculations. The Dybbuk or Loab can be thought of as the 
invisible gorilla in the suit. It mimics the selective inattention of algo-
rithms that bring forth the unconscious aspect of human experience 
hidden throughout these large image banks when provoked, or in this 
case, evoked.  

Meaning in the age of algorithmic smoothing, machine learning and 
data scrapping fosters semantic taxonomies that skewer mathemat-
ical algorithmic interpretations. This skewering is referred to as the 

‘epistemics of training sets”, the fraught and complex relation be-
tween images and the concepts tying those images to their linguistic 

Fig. 6. The Juro or (Jew) Dybbuk manifesting from 
the Yiddish cursive script. English prompt “He 
breaks out those shinny things from that skull 
those teeth”. The characters etched on the faces 
were not prompted but spontaneously appeared.
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meaning and that meaning to image tagging prompts (Cuzzolin 2021). 
Currently image tagging consists of nouns, with verbs and adjectives 
thrown in to enhance their meaning. Epistemic AI formulates new 
mathematical models for decision making. Its operating premise is 
that instead of inferring predictive models about the data it has at its 
disposal, it will assume it has a paucity of data from which to make 
any sort of conclusion. Only since 2016 has the issue of epistemic un-
certainty in machine language become an area of focus. It acknowl-
edges the difficulty of comprehending in domain and out of domain 
sampling that causes model formation to be insufficient.  Another 
factor is the mundane human labor of images tagged by individuals 
whose first language is not English, and who lack the understanding 
and cultural nuances to comprehend what they are looking at. Paid by 
the word, it is advantageous for them to perform a cursory analysis of 
an image, tag and often mislabeling it, and move onto the next task 
at hand (Ruiz 2019, Crawford and Paglen 2019, Joler and Crawford 
2018, Zhou et al. 2022). 

Digital imaging systems traditionally process pixels on grids. Human 
visual perception reduces data from photoreceptors to the optic 
nerve.  Metaphorically speaking they encodes image information into 
low bandwidth latent space representation suitable for processing by 
the human brain (Souza et al. 2024). Latent space can be reconfig-
ured through optics and software into a generative model and these 
spaces are “extracted” from peoples and cultures who have no say in 
building them. Computer vision systems can produce outputs dehu-
manizing the other or just obliterate them, their existence and their 
culture. This ability is referred to as “catastrophic forgetting”, a more 
nuanced view than erasure (Gebru and Denton 2024). 

5. Next Steps

Language Is Leaving Me deals with epigenetic trauma of those who 
originated from the Eastern European and Russian Pale of Settle-
ment, a trauma developed throughout millenniums. The geographic 
area is referenced at the beginning of the movie and the concept of  
Jews is rarely mentioned, yet the Yiddish Dybbuk appears nonethe-
less, summoning the ghosts of the dead. When LILM had its world 
premiere on October 7th, 2023 at the Copernicus Science Center in 
Warsaw, Poland the war in the middle east was breaking literally at 
the exact same moment, though no one was aware of it at the time 
of the showing. The cinematic performance installation recreated the 
epigenetic horror it was showing as the epigenetic horror was once 
again occurring in real time thousands of miles away (PBS 2025). The 
Dybbuks were in full force during the premier, evoked through the 
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latent spaces processes discussed above. What is epigenetic trauma 
if not the ultimate form of shock and attachment of all diaspora and 
war? It is an attachment so deep it changes the DNA and expression 
of rDNA of its host for generations to come. It inhabits the deepest 
latent space of human memory where it is often non-verbal and diffi-
cult to express, especially in cultures of diaspora.

My next steps involve using basic eye, hand and muscle coordination 
to invoke both real and artificial memories. I have begun using a com-
puter to draw a series of stories about epigenetic trauma in the most 
simplistic manner, like that of a very young child. Using AI processing 
tools, the drawings turn into photographs and the photographs into 
short films. These  films will be turned into audio reactive 3D Gauss-
ian images interacting with a live performer.  The memories will be 
interpreted through multiple languages and AI visual systems. These 
systems will highlight the Dybbuk or Loab, depending on the algo-
rithmic rendering variables. There are various prototypes already in 
development facilitating these processes.

The aim of this process is to recreate and trace unconscious human 
memories stored in the brain. These images, through selective atten-
tion can be fed back into AI systems and interacted with by a per-
former, live time. The English language memories will be translated 
into four languages. At various times the languages will be fragment-
ed so they lose their original meaning and associated memories. This 
is meant to illustrate epistemic ai decoupled from meaning and the 
underlying significance of felt but unexpressed trauma. AI purports 
to understand through linguistic and visual sampling the meaning of 
trauma but it cannot. The performance will serve as a representation 
against surrendering individual and collective memory, autonomy 
and agency throughout the unfolding age of AI.
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